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Abstract: This paper aims to understand how the current international open data benchmarks 
are created and whether their methodologies are susceptible to bias. The publication of open 
data is claimed to be one of the most important indicators of government-citizen collaboration. 
Nonetheless, there are disparities in the advancement of open data around the world. Although 
many developed countries receive high scores on it, no consistent leaders emerge throughout 
global assessments. This article compares the existing benchmarks via the lens of sociology of 
quantification. A comparative analysis of the official reports is conducted to validate country 
scores and to provide qualitative insights into the methodologies used to obtain these numbers. 
As a result, I demonstrate that the current measurement tools continue generating inconsistent 
results because of their methodological issues. The study’s conclusion offers suggestions for 
improving the benchmarking of open data development, particularly by assessing how this data 
impacts local communities.  
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1. Introduction 

The development of open data has gained international attention in recent years. Publishing such 
data serves as one of the key indicators of how democratic governments collaborate with their con-
stituents (Attard et al., 2015, p. 400). As of 2025, 74 nations and 150 local governments participate in 
the Open Government Partnership (OGP), a global initiative that aims “to promote transparent, par-
ticipatory, inclusive and accountable governance” (Open Government Partnership, 2025). One of 
OGP's main pillars is ensuring that citizens have access to government data, upon which more so-
phisticated participatory processes can be constructed (Fraundorfer, 2017, p. 614). At the same time, 
researchers highlight that governments may use OGP’s participation to distract attention from the 
lack of transparency and accountability to their citizens (Fraundorfer, 2017, p. 623). Also, there are 
global disparities in the advancement of open data (Wessels et al., 2017, p. 54). While its benefits, 
particularly well-informed citizens and increased citizen engagement on public issues, are recog-
nised, it is mentioned that the varying progress on it might consolidate or exacerbate the existing 
inequalities (Wessels et al., 2017, p. 54). In light of these challenges, a number of international bench-
marks are published to measure the advancement of open data and to provide policy recommenda-
tions. 

The relevance of comparing different benchmarking instruments is emphasised in the literature. 
Scholars categorise open data indices by their conceptual similarities and differences (Kawashita, 
Baptista & Soares, 2020), their thematic focus (Zheng et al., 2020), as well as the frequency of their 
use for research purposes (Lnenicka, Luterek & Nikiforova, 2022). While a thorough classification of 
open data indices is presented in the mentioned papers, the consistency of measurement results 
across different rankings remains understudied. Another key issue is that the available research 
lacks the application of rigorous theoretical frameworks to explain how open data development is 
quantified. One groundbreaking study attempts to compare the results of six global ratings that exist 
since 2020. The authors discovered that mostly developed countries score high on open data 
(Zuiderwijk, Pirannejad & Susha, 2021, p. 12), which raises the question of which underlying con-
cepts are measured. Even among the developed nations, no consistent leaders are identified across 
the selected assessments. Only one country, Canada, is present in all top-10 listsi of the six analyzed 
reports (Zuiderwijk, Pirannejad & Susha, 2021, p. 12). As of 2025, five global open data benchmarks 
remain, and such variety suggests that these instruments may continue measuring different latent 
concepts. This paper aims to understand better, how the current international open data benchmarks 
are created, by comparing both country results and the ways they are obtained via the lens of the 
sociology of quantification. A related research question is whether, and to what extent particular 
aspects of the indices’ methodologies are susceptible to bias. 

This article’s theoretical framework is focused on studying how numbers are produced and ex-
pressed in relation to various social activities (DiazBone & Didier, 2016, p. 8). Recent studies high-
light the political aspect of this process: “maximizing quantitative objectives to be achieved through 
definition, implementation and supervision of policies” (Salais, 2022, p. 379). The critique of com-
posing aggregate numbers for countries is at the core of this approach (Mennicken & Espeland, 2019, 
p. 232). In this paper, I use the sociology of quantification to examine the five open data reports that 
are available as of 2025. With the help of the selected theoretical lens, I look at both how the nation 
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scores are presented and how they correlate with each other, which helps verify the benchmarks’ 
results. Another essential facet of this theory is scrutinising global performance indicators as the 
instruments that promote an oversimplified view of the complicated development issues (Ringel, 
2023, p. 190). In this article, the key concepts of ’commensuration’, ’visualisation’, and ’serialisation’, 
created for the purposes of analysing such instruments (Ringel, 2023, pp. 192-193), are applied to the 
country scores on open data development. To provide a better understanding of these numbers, I 
look at the organisations that uphold the international benchmarks and the methodologies used by 
these entities for obtaining national scores. The chosen emphasis allows the revelation of how the 
existing open data indices are produced. As a result, this study integrates the quantitative and qual-
itative findings to explain how the development of open data is measured.   

The first section, recapitulates the political and academic discussion about open data and its 
benchmarking. Also, the significance of the issue of quantifying open data development is ex-
plained. The evolvement of international ratings is summarised, with particular attention to those 
that are included into this study. The second section, overviews the selected theoretical approach 
for analysing open data assessments. The author outlines the main premises of the chosen theory, 
which is the sociology of quantification. In this part, its key concepts, applied for the research prob-
lem at hand, are presented. The third section, covers important methodological considerations for 
data collection and analysis. The discussion centres on how to scrutinise the current open data 
benchmarks via a comparative study. Also, the mixed-methods approach’s logic of analysis is laid 
out. In the fourth section, the author presents both quantitative and qualitative findings about the 
studied indices. The first subsection is focused on comparing country scores for the rankings under 
scrutiny. The second subsection, provides insights into how these scores are obtained. In the final 
section, meta-inferences based on the qualitative and quantitative findings are presented, for in-
stance, how to explain inconsistent measurement results. The conclusion includes more general re-
flections on why the measurement of open data development is problematic and how to improve it, 
such as studying the use of open data by local communities in depth. 

2. Open Data Development and International Benchmarks  

The term ’open data’ refers to machine readable public sector datasets (Clarke and Frankoli, 2014, p. 
256) that can be freely used, modified, and shared by anyone for any purpose (Vetrò et al, 2016, p. 
325). According to this conceptualisation, such data can be processed with the help of automated 
technical tools and is published without paywalls or proprietary licenses. Even though the term 
primarily means ’data created, collected, held or commissioned by government or government-con-
trolled entities,’ it may include data that is produced when public services are outsourced to non-
governmental organizations (United Nations Department of Economic and Social Affairs, 2024, p. 
1). Researchers list three primary reasons why governments should publish their information: im-
proving citizen control and participation, developing new business services and innovations, and 
strengthening law enforcement (Huijboom and Van den Broek, 2011, p. 7). More important benefi-
ciaries are academic institutions and scholars, since they need such data for research purposes (Sha-
harudin et al., 2023, p. 2). The aforementioned actors are frequently referred to as the ’open data 
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ecosystem’ (Zuiderwijk et al., 2014, p. 22), which highlights their interdependence and suggests that 
non-governmental entities may also provide open datasets. 

Since 2011, when OGP was launched and open data became part of the international agenda, 
open government data has been institutionalised through a number of global platforms. According 
to the United Nations (UN) guidance on effective governance for sustainable development, open 
data is mentioned under the fifth principle of transparency and contributes to achieving accounta-
bility of institutions (United Nations Department of Economic and Social Affairs, 2024, p. 1). As can 
be seen, the focus of the UN is on the transparency and accountability of governments to their citi-
zens, as being one of the main benefits of disclosing data. Another key initiative is the Open Data 
Charter (ODC), a specific collaboration mechanism introduced under OGP in 2015 that advocates 
for “working together to make data open and freely available, while protecting the rights of people 
and communities” (Open Data Charter, 2025). ODC defines six universal principles to which open 
data should correspond: open by default, timely and comprehensive, accessible and usable, compa-
rable and interoperable, for improved governance and citizen engagement, as well as for inclusive 
development and innovation. Therefore, ODC’s primary focus is on empowering citizens in partic-
ipatory governance while protecting their communities. In light of these principles, the potential of 
open data for enhancing governance at the national level seems to extend beyond transparency and 
accountability. The need to measure the progress made by different countries on open data emerges 
in order to fulfil its promise. 

The initial attempts to address this challenge focus on evaluating open data portals. Specifically, 
it assesses how users can modify the publicly available datasets and how they can interact with their 
governments (Sayogo, Pardo & Cook, 2014, p. 1899). During the following years, several assessment 
methodologies evolve, and alternative international benchmarks are launched on their basis. These 
benchmarks are defined as indices or standards by which something can be measured or judged 
(Seng, Ko & Lin, 2009, p. 530) that are used to compare nations’ open data progress (Zuiderwijk, 
Pirannejad & Susha, 2021, p. 2). Importantly, such global ratings are second-order measures that are 
difficult to trace to original observations since they are created by combining numbers and perform-
ing mathematical and statistical operations on them (Power, 2004, p. 771). In the context of open 
data, creating country indices entails quantifying the publication and utilisation of this data in ad-
dition to assembling lists of nations according to established methodologies or a consistent set of 
rules (Bartl, Papilloud & Terracher-Lipinski, 2019, p. 10). National policy decisions, such as whether 
or not to release additional government data to citizens, are frequently based on the measurement 
results that are acquired with the help of such complicated instruments (Power, 2004, p. 774). From 
this perspective, the production of open data benchmarks has important policy implications.    

In the study from 2021, the researchers list nine global ratings in an attempt to compare their 
results (Zuiderwijk, Pirannejad & Susha, 2021, p. 6). Some of these products, the study finds, include 
very little information about their methodologies (Zuiderwijk, Pirannejad & Susha, 2021, p. 12). The 
authors look at the top-10 country lists for six main benchmarksii, and different leaders emerge in 
each assessment. This diversity of results suggests that there are various ways to quantify the impact 
of open data. In this research, the author includes the five global benchmarks that are present at the 
beginning of 2025: 1), Global Data Barometer (GDB) by Open Data 4 Development (OD4D) (2022 
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edition) (Data 4 Development Network, 2022a), 2), Open Data Maturity Report (ODMR) by the Eu-
ropean Union (EU) (2024 edition) (European Data Portal, 2024a), 3), OURdata Index (OURD) by 
Organisation for Economic Cooperation and Development (OECD) (2023 edition) (Organisation for 
Economic Cooperation and Development, 2023), 4), Open Government Data Index (OGDI) as part 
of the UN E-Government Survey (UN) (2024 edition) (United Nations, 2024), and 5), Open Data 
Inventory (ODIN) by Open Data Watch (ODW) (2022 edition) (Open Data Watch, 2023a). The dis-
appearance of several assessments and the continuation of others in recent years underscores the 
importance of thoroughly understanding their methodologies. Additionally, the UN offers a new 
benchmark called OGDI, which should be contrasted with the established ones.  

3. Theoretical Framework to Interpret Open Data Benchmarks as Social 
Practices of Quantification  

The measurement of open data progress can be analysed from different perspectives. To name a few 
disciplines, political studies, computer science, and public administration all seem to be applicable 
to studying it. Since the goal of this article is to understand how open data benchmarks are created, 
I adopt the sociology of quantification to scrutinise the results of these assessments. The chosen the-
oretical approach defines quantification as the production and communication of numbers (Es-
peland and Stevens, 2008, p. 401). Its scholars recognise the plurality of quantification results, which 
means that numbers depend on the underlying social processes. In particular, the researchers claim 
that any quantification process has to be situated (Salais, 2016, p. 132). In other words, its social 
conventions need to be discussed to understand the output that comes from it. Along with the social 
processes of numbers’ production, their representations, political and social meanings are typically 
analysed (DiazBone & Didier, 2016, p. 8). When it comes to open data measurement, the numbers to 
be studied are aggregated country scores that are produced according to the rules of a specific as-
sessment. Both the scores published by the five existing benchmarks and the methodological sec-
tions of their reports are included in the analysis to comprehend the plurality of quantifying open 
data progress. 

Within the sociology of quantification, the approaches focusing on transnational governance 
(Mennicken & Espeland, 2019, p. 227) and datafication (Diaz-Bone, Horvath & Cappel, 2020, p. 319) 
seem to be most relevant for studying open data. The first one refers to the governance above a 
country level, and the second one refers to the reliance on quantified indicators for shaping public 
policies. The mentioned topics are useful for this analysis because different institutions, above a 
national level, produce increasingly more data globally, and these numbers affect the lives of citizens 
in specific countries. In this sense, open data development is an exemplary global challenge that 
emerged in the last decade. Its measurement is managed by international actors, such as OECD and 
UN, that aim to benchmark the progress made by different nations on this topic. One particular 
concern with such measurement is that the data about countries may be obtained with varying de-
grees of rigour and be difficult for the average citizen to verify (Mennicken & Espeland, 2019, p. 
239). This means that the results of open data benchmarking should not be taken for granted. To 
validate these global performance indicators, the correlation analysis of the country scores is con-
ducted in this paper. For the sake of obtaining a better understanding of the underlying mechanisms 
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of knowledge production, the methodological discrepancies among the chosen open data assess-
ments are examined as well. 

The author’s analysis is guided by several fundamental concepts, provided by the sociology of 
quantification, for studying global performance indicators. The scholars point out that these indica-
tors may obscure complex development issues while measuring them in multiple countries simul-
taneously (Ringel, 2023, p. 190). The first concept is commensuration, which denotes using a stand-
ard metric for comparing several entities (Ringel, 2023, p. 192). In this research, countries are con-
sidered to be such entities and open data assessments’ scales are analysed. Visualisation, refers to a 
hierarchical depiction of nation performance via scores and colour maps with the purpose of pro-
ducing an appealing output (Ringel, 2023, p. 192). This notion is reflected in studying how country 
lists are organised, particularly looking at top-10 lists and whether nations are rated or ranked. Fi-
nally, serialisation, means presenting each country’s results as a continuous narrative of improve-
ment or decline (Ringel, 2023, p. 193). This concept is useful for comprehending how nation scores 
change in comparison with 2020 results and scrutinising the offered assessment methods, for in-
stance, whether expert evaluation or self-assessment is used. With the help of these concepts, I first 
examine the results of the five open data assessments by scrutinising the obtained nation scores. In 
order to understand how these results are acquired, the techniques of the reports under discussion 
are addressed in the second section. Overall, the sociology of quantification allows for posing the 
research question of how open data progress is measured, and provides key concepts to study 
whether open data benchmarks serve the purpose of enhancing national governance. 

4. Methodology of Data Collection and Analysis   

This research project compares the five open data benchmarks that currently exist. The data collec-
tion is analogous to a complete survey because all available measurement tools are included in the 
analysis. Their latest published editions as of the beginning of 2025 are scrutinised. The key variables 
for comparing them are the country scores and methodological characteristics of each assessment. 
The chosen design is convergent mixed-methods, which allows the combination of quantitative and 
qualitative data, as well as primary and secondary data sources, to provide a more thorough under-
standing of a studied subject (Creswell & Creswell, 2018, p. 341). The author’s logic of analysis in-
corporates unexpected findings from the collected data while being informed by the predefined the-
oretical concepts, in order to draw well-founded conclusions (Shaw et al., 2023, p. 234). In particular, 
quantitative methods are used to compare the nations’ results and qualitative ones – to scrutinise 
the benchmarks’ methodologies. It should be noted that, as the main objective is to comprehend how 
international open data ratings produce their scores, the qualitative part is essential. Furthermore, 
the selected approach prevents me from overly investigating a single assessment or making far-
fetched generalisations about several benchmarks. As a result, meta-inferences are generated by in-
tegrating the obtained quantitative and qualitative findings (Younas et al., 2023, p. 287). By drawing 
these inferences, it is possible to validate and expand the discoveries from both parts of the study 
while also accounting for potential discrepancies between them.  

The following methods are used to collect and analyse the data. The initial step is to access the 
formal reports of the selected open data benchmarks. After that, I consult the country results on the 
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websites of these assessments. The gathered quantitative material is processed and organised for 
comparison. Consequently, an integrated database containing the nations’ scores from the five rat-
ings is created for the purposes of statistical analysis. This database is studied with the help of RStu-
dio 2025.05.0 integrated development environment tools (libraries readxl, dplyr, statsr, psych, shiny, 
ggplot2, and gt)iii (Posit, 2025). Coming to the second part, the methodological chapters of the se-
lected reports comprise the qualitative data. These chapters' methodological features are grouped 
by major themes using reflexive thematic analysis (Morgan, 2022, p. 73). This method entails coding 
that evolves in the process of analysing the data, in order to disclose hidden meanings by using the 
researcher’s knowledge. The selected texts are studied with the help of MAXQDA 24 qualitative 
data analysis softwareiv (MAXQDA, 2025). As a final step, I juxtapose the quantitative and qualita-
tive findings for the purpose of drawing meta-inferences and key reflections based on them.     

5. Comparative Analysis of Five International Open Data Benchmarks 

5.1. Country Scores 

Checking the basic distribution characteristics is the first step for processing the country scores from 
the five open data assessments. The initial analysis includes the whole lists of rated nations. Aggre-
gated open data development scores are the observations, and countries are the variables. There are 
195 data points for ODW ODIN 2022, 109 – for OD4D GDB 2022, 193 – for UN OGDI 2024, 40 – for 
OECD OURD 2023, and 34 – for EU ODMR 2024. It is observed that ODW ODIN 2022 is the only 
assessment to use the scale from 0 to 100 and that the scores of the four other benchmarks are dis-
played on a scale from 0 to 1 For the sake of statistical comparison, the results of this rating are 
normalised with other onesv. Additionally, all benchmarks are examined for consistency and the 
presence of missing values using general descriptive statistics, such as mean and median (Appendix 
A). The distribution of each assessment is presented graphically from the lowest to the highest result. 
After that, ten top-performing countries are highlighted in each list for further examinationvi. The 
author adopts this approach from one of the previous studies that looked at top-10 lists, since check-
ing the leaders in correspondence is a feasible starting point that may guide the following steps of 
the analysis. 

There are 55 observations in the five lists of leaders. This number is obtained because two coun-
tries ranked 10th and 11th in OD4D GDB 2022 and EU ODMR 2024 have identical scores. Also, 13 
nations with the highest possible score of "1" in UN OGDI 2024 are included in the analysis. Consid-
ering that the next step is to count their presence in the selected lists, I employ this approach to avoid 
the unjustified exclusion of some countries. The 55 observations that are being examined are spread 
across 33 different countries (Appendix A). Only six of them are mentioned three or more times, 
while the majority are mentioned just once. It is important to note that every leading nation is de-
velopedvii, with the exception of India because its Human Development Index 2023 value is medium. 
Even among the developed countries, there are no examples of consistent leaders. Thus, no country 
appears in all five benchmarks, and only one state—Estonia—is listed in four of the top-10 lists. The 
leading registers seem to be far from uniform, based on this distribution, which is consistent with 
the findings about open data assessments that were in place in 2020. It is also worth noting that 



JeDEM 18(2): 35-69, 2026 Ievgen Bilyk 

42                                           CC BY-NC 4.0 DEED Attribution-NonCommercial 4.0 International, 2026 

Canada, the only country that was previously listed in all top-10 results, appears only twice in the 
five assessments that exist in 2025. Therefore, open data ratings seem to be rather volatile (see Figure 
1). 

Figure 1: Frequency of Country Mentions in Top-10 Lists of Five Open Data Benchmarks | Prepared by 
Author 

 

Sweden, Poland, Denmark, Estonia, France, and Spain are the six nations that are featured in the 
top-10 lists at least three times. I use this threshold of the number of mentions to distinguish more 
consistent leaders from the others. When a country has three references, it means that most of the 
available benchmarks classify it as a leading one. It should be noted that the top nations are all EU 
member states. I further compare their places by each assessment. It turns out that four countries 
have varying places within the top-10 registers, and only Poland and France demonstrate more or 
less consistent results within the top-3 lists. It does not seem possible to make any inferences on the 
validity of these findings, though, because these countries are absent from two of the five ratings. 
Furthermore, the analysis shows that OECD OURD 2023 is the single benchmark where all six coun-
tries are featured. Surprisingly, it is not EU ODMR 2024, which assesses EU nations. The more thor-
ough research efforts made by OECD countries to evaluate their open data progress may account 
for this finding. Examining the methodologies of the selected assessments is required to shed light 
on this matter (see Table 1). 

Table 1: Place of Country in Top-10 Lists by Benchmarkviii | Prepared by Author 

Country ODW 
ODIN 2022 

OD4D GDB 
2022 

UN 
OGDI 2024 

OECD 
OURD 2023 

EU 
ODMR 2024 

Sweden 9 N/A 1 9 N/A 

Poland 2 N/A N/A 3 2 

Denmark 3 10 N/A 8 N/A 
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Estonia N/A 2 1 4 10 

France N/A 3 N/A 2 1 

Spain N/A N/A 1 5 6 

Based on the previous step, the OECD OURD 2023 benchmark is selected as the basis for statisti-
cal validation of the country scores. Additionally, its report contains the concept of such validation 
(Organisation for Economic Cooperation and Development, 2023, p. 36). Particularly, the document 
demonstrates the correlation between OECD OURD 2023 and EU ODMR 2022 based on 26 countries 
that are present in both assessments. The Pearson coefficient value is 0.84, which is interpreted as 
high correlation (between 0.7 and 0.9). It should be mentioned that, in terms of statistical validation, 
this sample is quite limited. In this study, I extend the selection to 40 nations in order to correlate 
OECD OURD 2023 with ODW ODIN 2022 and UN OGDI 2024, 30 shared ones – with OD4D GDB 
2022, and 26 ones – with EU ODMR 2022. Given the common countries from the original 40, the 
aforementioned ratings are also correlated with one another. To prepare for the analysis, the normal 
probability of each assessment’s distribution is verified by plotting the distribution of country scores 
in relation to theoretical quantilesix. Each pair of benchmarks is then subjected to a Pearson correla-
tion analysis (Appendix A). Only five out of ten couples show significant results (p-value < 0.05). 
This finding means that certain assessments differ in their country scores to the point of having no 
statistical relation. OECD OURD 2023 and EU ODMR 2024 have the only high Pearson coefficient 
value (0.77, p-value < 0.01) among these five pairs. It can be said that this couple is rather an excep-
tion to the existing open data benchmarks. The second strongest coefficient is between OECD OURD 
2023 and ODW ODIN 2022 (0.59, p-value < 0.01), which signifies a moderate correlation. This result 
demonstrates that the two ratings are related, but their data points are quite dispersed. All other 
pairs do not surpass the Pearson coefficient value of 0.5. Even though their connection is sometimes 
statistically significant, such values are evidence that their country scores are poorly aligned (see 
Figure 2). 

Figure 2: Correlation Plot between the OECD OURD 2023 and ODW ODIN 2022 Assessment Results | 
Prepared by Author 
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The overall goal of the current open data benchmarks is to quantify the performance of every 
nation via a single figure. Normally, these scores are assigned from 0 to 1. Only OD4D GDB 2022 
uses a different scale from 0 to 100, which is commensurate with the standard one. The country 
results are visualised in a convenient hierarchical order, while the criteria that enable the acquisition 
of these figures require a significant amount of work and specialised knowledge to comprehend. 
However, the diversity of countries in the top-10 lists shows that comprehension of these guidelines 
is essential to understanding the validity of each assessment. The leading countries seem to be united 
only by their status of developed nations, which raises the question whether open data advancement 
or other developmental characteristics are being measured. No country ranks in the top-10 registers 
of all five benchmarks, and Canada, which used to be a consistent leader as of 2020, is represented 
only twice. Given that UN OGDI 2024 is the sole new rating, the contentious dynamics among the 
other four benchmarks indicates that the serialisation of country scores may not accurately represent 
the state of the art in open data development. All six of the more consistent leaders—those that 
appear on three or more top-10 lists—come from EU nations. The OECD OURD 2023 assessment is 
the only one in which all of them are listed in the top register, and this finding confirms the disa-
greement over how to measure the progress in open data. Finally, the country scores are not vali-
dated even on a sample of developed nations. Only two pairs of benchmarks correlate strongly or 
moderately with each other, when a strong correlation would be the norm for measuring the same 
underlying notion. The existence of several open data benchmarks could be explained by these dis-
tinctions. 

5.1. Assessment Methodologies 

The discussion of quantitative findings leads us to analysing the methodologies of the selected 
benchmarks in order to explain the observed countries results. First and foremost, each index's cre-
ator and funding source should be noted. Three measurement instruments are managed by the in-
ternational intergovernmental organisations, namely the EU, OECD, and UN. Two of them, OECD 
OURD and EU ODMR, are present over several years, while UN OGDI is a novel product. The coun-
tries in focus are member states of each organisation, and the funding for measuring open data pro-
gress comes from them. The UN assessment is the most encompassing one in terms of the number 
of countries covered, which allows for drawing various comparisons that are not possible for the 
previous two benchmarks; however, it also means that collecting high-quality data about each na-
tion over time might be problematic for this tool. The ODW ODIN assessment is managed by inter-
national non-profit organisation Open Data Watch. Their focus is on improving open data quality 
for development goals, and the analysed benchmark is supported by the William and Flora Hewlett 
Foundation. This rating is presented as an independent report by an expert organisation. The OD4D 
GDB is managed by Data 4 Development Network, which name was Open Data 4 Development at 
the time of publishing the assessment in focus. This network includes 15 research organisations, and 
the funding for the report comes from Canada’s International Development Research Centre. Their 
focus is on helping the Global South countries to overcome the development challenges by nurturing 
their open data ecosystems. It can be said that the ODW ODIN and OD4D GBD reports provide an 
alternative to the government-led assessments for measuring global open data advancement. 
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The methodologies of the discussed reports are presented in different formats. The ODW ODIN 
2022 methodological guide is the most comprehensive – 49 pages (Open Data Watch, 2023b). Sub-
stantial information about data collection and score calculation is included in the document, includ-
ing how to verify the results using the source data files. The section on UN OGDI 2024 in the UN E-
Government Survey’s Technical Appendix on pilot research projects has the most succinct descrip-
tion – 1 page (United Nations, 2024, p. 85). This text provides a general overview of the assessment’s 
production process, paying special attention to how the methodology has changed since the tool’s 
piloting in 2020. The methodological parts of the other three reports are more balanced in terms of 
their length: OD4D GDB 2022 – 6 pages (Data 4 Development Network, 2022b, p. 14-19), OECD 
OURD 2023 – 10 pages (Organisation for Economic Cooperation and Development, 2023, p. 26-35), 
and EU ODMR 2024 – 17 pages (European Data Portal, 2024b). It should be noted that the OECD 
OURD 2023 assessment refers to the original study that established the foundations for its method-
ology (Lafortune & Ubaldi, 2018). The aforementioned methodological guidelines are created by 
various contracted researchers. These parts are either available separately on the benchmarking 
websites or incorporated into the assessment reports. The main focus of these methodological sec-
tions is on providing an overview of the procedures used to collect and analyse data regarding na-
tional advancement and to obtain country ratings. 

Two categories, country result and citizen engagement, are deductively developed for thematic 
analysis based on the selected theoretical framework and the existing research about open data. 
Country result reflects the notions of commensuration and serialisation in the sociology of quantifi-
cation, since the author aims to capture how the selected methodologies allow producing standard-
ised country numbers and to present these scores as a narrative of country development. The codes, 
’number’ with 29 mentions, ’question’ with 37 mentions, and ‘score’ with 174 mentions are included 
in this category. Coming to the second one, citizen engagement is based on the previous studies of 
open data, which emphasise that publishing such data is expected to make governments more ac-
countable to their constituents. This category serves to understand whether data use in society is 
assessed, rather than only data publication. The codes in the second category are ‘civil’ with 17 men-
tions and ‘citizen’ with nine mentions. The third category, namely governance level, is inductively 
created. It stems from the ODW ODIN 2022 methodology, which includes important considerations 
while evaluating small countriesx. For example, certain states are assessed differently than others 
when it comes to data availability at the local or regional level. The idea is to determine whether 
other assessments consider the variations in governance among nations while evaluating their open 
data development. ’Subnational’ with 21 mentions and ‘small‘ with 25 mentions, are the codes in 
this category. Two main themes emerge from the defined categories: data publication and use and 
benchmarking countries. The first theme is obtained by combining country results and governance 
structure, and the second one – national results and citizen engagement. In sum, because of the iden-
tified discrepancies among the assessment results, understanding how the scores are generated is at 
the core of this analysis. Deductive and inductive reasoning types are combined to achieve this ob-
jective (see Figure 3). 
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Figure 3: Themes, Categories, and Codes Used for Qualitative Analysis of Open Data Benchmarks’ Method-
ological Sections | Prepared by Author 

 

Benchmarking countries begins with defining an assessment type. The UN OGDI 2024 assess-
ment ranks countries, which means that the composite OGDI score for each Member State is nor-
malised to a range of 0 to 1 using a standardised formula (United Nations, 2024, p. 85). The evaluated 
states are assigned a number from 0 to 1 in order to arrange them in a hierarchical order on this 
scale. In contrast, OD4D GDB 2022 adopts an alternative approach: In-line with the design of the 
Barometer as a rating, rather than ranking instrument, we do not carry out any min-max scaling of 
results (Data 4 Development Network, 2022b, p. 17). As a result, each nation is assigned a score that 
reflects its level of development, and this output should be compared only to the ideal performance 
by each indicator. The other three benchmarks use a combined approach by rating countries while 
aiming for their comparison. Regarding the evaluation process, ODW ODIN 2022, OD4D GDB 2022, 
and UN OGDI 2024 all rely on specialists who assess one or more nations. For instance, ODW ODIN 
2022 analyses national statistics portals with the help of contracted assessors and internal reviewers 
(Open Data Watch, 2023b, p. 9). Two measurement instruments, EU ODMR 2024 and OECD OURD 
2023, are based on government self-assessment. Particularly, the data for the ODM assessment is 
collected through a voluntary self-assessment questionnaire sent to national open data representa-
tives (European Data Portal, 2024b, p. 5). Only two methodologies, OD4D GDB 2022 and ODW 
ODIN 2022, consider country governance levels. EU ODMR 2024 partially does so by asking to re-
port on local and regional open data initiatives, but this tool does not treat small countries differently 
than others (European Data Portal, 2024b, p. 4). As can be observed, most benchmarks combine rat-
ing and ranking approaches. At the same time, they are separated into two groups based on expert 
evaluations or government self-assessments. Another source of division among the instruments un-
der analysis is whether to consider the subnational level. 

When it comes to data publication and use, two methodologies, namely ODW ODIN 2022 and 
UN OGDI 2024, focus only on the first aspect. For example, the ODW ODIN 2022 approach is ex-



JeDEM 18(2): 35-69, 2026 Ievgen Bilyk 

47                                           CC BY-NC 4.0 DEED Attribution-NonCommercial 4.0 International, 2026 

plained as follows: ODIN does not assess data published for countries on international organisa-
tions’ websites or private organisations’ websites because ODIN is an assessment of the national 
government’s capacity to produce open data (Open Data Watch, 2023b, p. 2). The other three assess-
ments pay attention to the usage of open data. To provide an example, OECD OURD 2023 has the 
following indicator: Frequency of specific events to support data re-use among businesses and the 
civil society (Organisation for Economic Cooperation and Development, 2023, p. 33). One surprising 
finding is that the majority of benchmarks do not evaluate citizen engagement. The OD4D GDB 2022 
rating is the only one that prioritises it: the GDB is an innovative measurement tool that offers unique 
perspectives on the use of data worldwide (Data 4 Development Network, 2022b, p. 18). Specifically, 
the pillars of this measurement tool assess the private sector and civil society’s capabilities, as well 
as the use and impact of open data (Data 4 Development Network, 2022b, p. 14). In the OECD OURD 
2023 methodology, citizen engagement is partially assessed through the pillar on government sup-
port for data re-use (Organisation for Economic Cooperation and Development, 2023, p. 33). There-
fore, the available benchmarks differ substantially in terms of the measurement of data publication 
and use. Some ones focus solely on the first aspect. Only one methodology gives a prominent role 
to citizen engagement (see Table 2). 

Table 2: Key Differences between Five Open Data Benchmarks | Prepared by Author 

Benchmark 
Name 

Benchmark 
Type 

Assessment 
Method 

Thematic 
Focus 

Citizen 
Engage-

ment 

Subna-
tional Level 

OD4D GDB 
2022 

Rating Expert 

Data 
publication 

and use Assessed Assessed 

UN OGDI 
2024 Ranking Expert 

Data 
publication 

Not as-
sessed 

Not as-
sessed 

ODW ODIN 
2022 

Rat-
ing/ranking Expert 

Data 
publication 

Not as-
sessed Assessed 

OECD 
OURD 2023 Rat-

ing/ranking 
Self-assess-

ment 

Data 
publication 

and use 
Partially 

assessed 
Not as-

sessed 

EU ODMR 
2024 Rat-

ing/ranking 
Self-assess-

ment 

Data 
publication 

and use 
Not as-

sessed 
Partially 

assessed 

In total, the qualitative part shows that there are significant disparities between the international 
open data benchmarks' methodologies. Most of these instruments are ratings, but UN OGDI 2024 is 
designed to rank countries. Two measurement tools, namely OECD OURD 2023 and EU ODMR 
2024, are created using a government self-assessment. This similarity helps to understand why their 
country results are highly correlated, which is not the case for other benchmarks. Another important 
feature is that UN OGDI 2024 and ODW ODIN 2022 focus solely on data publication. Since these 
two assessments are conducted globally, the necessity to include a large number of countries may 
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be the rationale for excluding the data use part. In terms of evaluating citizen engagement, only 
OD4D GDB 2022 prioritises this dimension in the methodology, while OECD OURD 2023 considers 
it from the government’s perspective. It can be said that there is insufficient evaluation of the social 
impact of open data. Furthermore, OD4D GDB 2022 and ODW ODIN 2022 take the size of a nation 
into consideration. This feature demonstrates that the ratings created by international non-profit 
organisations consider certain aspects of open data development more rigorously than the ones led 
by governments. Overall, the inconsistent country scores appear to be related to these methodolog-
ical differences. Every analysed tool has advantages and disadvantages, and there is no benchmark 
that includes all crucial aspects. 

6. Discussion 

The conducted analysis demonstrates that the existing measurement instruments continue produc-
ing divergent country scores, due to their methodological differences. Not only do the top-10 lists of 
these ratings differ significantly, but also the scores of a wider sample of developed countries. It 
should be noted that, considering the country lists of OECD OURD 2023 and EU ODMR 2024, this 
sample is optimal for the comparative statistical analysis of five existing benchmarks. The obtained 
discrepancies can be explained by the practice of using different measurement methodologies. For 
instance, there is no agreement whether expert or self-assessment is better and how to combine the 
two. As a result, even though every benchmark aims to assess the global level of open data devel-
opment, it is likely that each of them measures various latent concepts. The application of the soci-
ology of quantification reveals that the studied benchmarks are focused on commensuration, serial-
isation, and visualisation of country scores to produce appealing reports instead of resolving more 
profound methodological issues. Moreover, it can be said that the scrutinised ratings are biased in 
certain aspects. For instance, the production of scores for large and small countries without taking 
into account the subnational level might be misleading. These findings fill in the gap in the existing 
literature related to comparing open data measurement instruments, namely, that these tools are 
classified without questioning the validity of their results. The mentioned problem seems to be 
caused by the lack of applying rigorous theoretical frameworks that would guide a comparative 
study, and the presented analysis addresses this issue. 

With the help of the sociology of quantification, it is shown that the existing benchmarks are in-
tended to reduce the complexity of open data development to a single figure for every nation. The 
obtained numbers are commensurate with each other in terms of their scale, but they are likely to 
measure different underlying concepts. The main identified benefit of this approach is that the gen-
erated country scores can be visualised. For example, they can be displayed hierarchically in a table. 
Additionally, it is determined that the assessed countries are easily serialised by contrasting their 
improvements over time. However, the serialisation of country scores may not reflect accurately 
each country’s open data progress. In terms of the ways to create assessment reports, two primary 
groups of author organisations are identified: intergovernmental ones and international non-profit 
ones. The representatives of both groups design elaborate methodologies to evaluate different coun-
tries with the help of contracted researchers. The available methodological approaches are found to 
differ by benchmark type, assessment method, thematic focus, as well as the consideration of citizen 
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engagement and subnational level aspects. As a final step, the quantitative and qualitative findings 
are combined to draw meta-inferences (see Table 3).  

Table 3: Meta-Inferences from Analysis of Five Open Data Benchmarks | Prepared by Author 

Quantitative Findings Qualitative Findings Meta-Inferences 

Many countries are fea-
tured in top-10 lists only 
once or twice among five 

benchmarks 

Five methodological 
chapters are written very 
differently: from 1-pager 

to a small book 

International open data 
benchmarks have distinct 

methodologies 

Places of country lead-
ers differ across assess-

ments, sometimes they are 
out of top 10 

Methodologies cover 
various aspects, such as 
consideration or not of 
governance levels in a 

specific nation 

Assessment results con-
tinue lacking consistency  

Even for a sample of 
developed nations, coun-
try scores are not strongly 

correlated 

Wide country coverage 
often comes at the ex-

pense of assessing data 
use and citizen engage-

ment  

For measurement to be 
improved, it is needed to 
understand better how 

open data is used by local 
communities 

This study has a couple of important limitations that open avenues for future research. First, un-
derstanding the dynamics of each assessment's evolution over time is not possible through the anal-
ysis of specific reports for a certain year. The statistics part could be elaborated on by discussing 
long-term variations in national scores in each benchmark. Still, the country results for a single tool 
are not necessarily comparable over time due to methodological updates and changes in the assessed 
nations’ list. Another issue is that the suggested long-term analysis might exclude new measurement 
instruments, such as UN OGDI 2024. Therefore, this possibility for enhancing the findings requires 
further consideration. The second limitation is that this research considers only formal open data 
assessments. The situation in specific countries is likely to be more nuanced than a single national 
score no matter how sophisticated the methodology to obtain this number is. It is of critical im-
portance to understand informal aspects of open data development, such as how citizens interact 
with public data and what they expect from their governments. Studying these elements may not 
only contribute to better understanding but also generate new ideas for enhancing the benchmarks 
under scrutiny. 

7. Key Reflections and Conclusion 

A combination of quantitative and qualitative methods is used in this research to comprehensively 
understand how open data development is measured by the five assessments that are available as 
of 2025. Quantitatively, it is found that most countries appear only once or twice in the top-10 lists 
of the five assessments. The leaders' places fluctuate, and occasionally they fall outside of the top 10. 
No country is featured on all five lists, and Estonia is the only one included four times. Moreover, 
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the results of the discussed benchmarks are not strongly correlated even for a sample of developed 
nations. Having analysed the correlation among all ten pairs of the available instruments, it is deter-
mined that the correlation between the OECD OURD 2023 and EU ODMR 2024 ratings is an excep-
tion brought about by a limited sample of countries and similar methodologies oriented on a gov-
ernmental self-assessment. 

Qualitatively, it is discovered that the five methodological chapters are written in a variety of 
styles: from 1-pager to a small book. The most concise description is provided by UN OGDI 2024, 
which does not include many important details. The methodologies under study address a number 
of topics, including whether or not to take into account the levels of governance in a particular na-
tion. According to this aspect, the tools created by global non-profit organisations—OD4D GDB 2022 
and ODW ODIN 2022—seem to be less susceptible to bias than those offered by intergovernmental 
organisations. Crucially, the evaluation of data use and citizen engagement is often sacrificed for 
extensive country coverage. Both aspects are assessed only by OD4D GDB 2022 and, partially, by 
OECD OURD 2023.  

At the level of meta-inferences, it can be said that the international open data benchmarks have 
different methodologies, and no assessment incorporates all important aspects. The specifics of each 
rating, such as the indicators used to measure data publishing and use, must be taken into consid-
eration when comparing the measurement results. Researchers need to develop a better understand-
ing of how citizens benefit from open data in order to improve the measurement of its development. 

In conclusion, open data development is obscured rather than clarified by the output of the five 
existing benchmarks. Corresponding to the previous assessment results, mostly developed nations 
obtain high scores, but these numbers lack consistency. Only one top-10 list—OECD OURD 2023—
includes all six of the nation leaders, and their places vary widely in each list. The methodologies to 
measure open data progress cover different aspects, and there are significant issues with each as-
sessment that warrant criticism. Regarding the best practices to measure the development of open 
data, there is hardly more consensus in 2025 compared to 2020. Rather than assisting citizens to hold 
their governments more accountable, the current assessment tools appear to serve the goal of pro-
moting their creators by presenting easily digestible results. To address the UN sustainable devel-
opment goals, the measurement of open data progress needs to be improved, especially with regard 
to assessing the social benefits of data publication. Returning to the citizen as a primary beneficiary 
through conducting in-depth research on the effects of publishing government data on local com-
munities appears to be a relevant starting point.  
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Fig. A.1 ODW ODIN 2022 Assessment Results | Prepared by Author 

 

 

Fig. A.2 ODW ODIN 2022 Descriptive Statistics | Prepared by Author 

 

 

Fig. A.3 OD4D GDB 2022 Assessment Results | Prepared by Author 
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Fig. A.4 OD4D GDB 2022 Descriptive Statistics | Prepared by Author 

 

 

Fig. A.5 UN OGDI 2024 Assessment Results | Prepared by Author 

 

 

Fig. A.6 UN OGDI 2024 Descriptive Statistics | Prepared by Author 

 

Fig. A.7 OECD OURD 2023 Assessment Results | Prepared by Author 
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Fig. A.8 OECD OURD 2023 Descriptive Statistics | Prepared by Author 

 

 

Fig. A.9 EU ODMR 2024 Assessment Results | Prepared by Author 

 

 

Fig. A.10 EU ODMR 2024 Descriptive Statistics | Prepared by Author 

 

 

Fig. A.11 ODW ODIN 2022 Top-10 List | Prepared by Author 
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Fig. A.12 OD4D GDB 2022 Top-10 List | Prepared by Author 

 

 

Fig. A.13 UN OGDI 2024 Top-10 List | Prepared by Author 

 

 

Fig. A.14 OECD OURD 2023 Top-10 List | Prepared by Author 

 

 

Fig. A.15 EU ODMR 2024 Top-10 List | Prepared by Author 
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Fig. A.16 OECD OURD 2023 Sample Normal Probability Plot | Prepared by Author 

 

 

Fig. A.17 ODW ODIN 2022 Sample Normal Probability Plot | Prepared by Author 
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Fig. A.18 UN OGDI 2024 Sample Normal Probability Plot | Prepared by Author 

 

 

Fig. A.19 EU ODMR 2024 Sample Normal Probability Plot | Prepared by Author 
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Fig. A.20 OD4D GDB 2022 Sample Normal Probability Plot | Prepared by Author 

 

 

Fig. A.21 Correlation Statistics between the OECD OURD 2023 and ODW ODIN 2022 Assessment Re-
sults | Prepared by Author 
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Fig. A.22 Correlation Plot between the ODW ODIN 2022 and UN OGDI 2024 Assessment Results | Pre-
pared by Author 

 

 

Fig. A.23 Correlation Statistics between the ODW ODIN 2022 and UN OGDI 2024 Assessment Results | 
Prepared by Author 

 

 

Fig. A.24 Correlation Plot between the OECD OURD 2023 and UN OGDI 2024 Assessment Results | 
Prepared by Author 
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Fig. A.25 Correlation Statistics between the OECD OURD 2023 and UN OGDI 2024 Assessment Results 
| Prepared by Author 

 

 

Fig. A.26 Correlation Plot between the OECD OURD 2023 and OD4D GDB 2022 Assessment Results | 
Prepared by Author 
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Fig. A.27 Correlation Statistics between the OECD OURD 2023 and OD4D GDB 2022 Assessment Re-
sults | Prepared by Author 

 

 

Fig. A.28 Correlation Plot between the UN OGDI 2024 and OD4D GDB 2022 Assessment Results | Pre-
pared by Author 

 

 

Fig. A.29 Correlation Statistics between the UN OGDI 2024 and OD4D GDB 2022 Assessment Results | 
Prepared by Author 
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Fig. A.30 Correlation Plot between the ODW ODIN 2022 and OD4D GDB 2022 Assessment Results | 
Prepared by Author 

 

 

Fig. A.31 Correlation Statistics between the ODW ODIN 2022 and OD4D GDB 2022 Assessment Results 
| Prepared by Author 
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Fig. A.32 Correlation Plot between the ODW ODIN 2022 and EU ODMR 2024 Assessment Results | Pre-
pared by Author 

 

 

Fig. A.33 Correlation Statistics between the ODW ODIN 2022 and EU ODMR 2024 Assessment Results | 
Prepared by Author 

 

 

Fig. A.34 Correlation Plot between the UN OGDI 2024 and EU ODMR 2024 Assessment Results | Pre-
pared by Author 
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Fig. A.35 Correlation Statistics between the UN OGDI 2024 and EU ODMR 2024 Assessment Results | 
Prepared by Author 

 

 

Fig. A.36 Correlation Plot between the OD4D GDB 2022 and EU ODMR 2024 Assessment Results | Pre-
pared by Author 
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Fig. A.37 Correlation Statistics between the OD4D GDB 2022 and EU ODMR 2024 Assessment Results | 
Prepared by Author 

 

 

Fig. A.38 Correlation Plot between the OECD OURD 2023 and EU ODMR 2024 Assessment Results | 
Prepared by Author 

 

 

Fig. A.39 Correlation Statistics between the OECD OURD 2023 and EU ODMR 2024 Assessment Results 
| Prepared by Author 
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Endnotes 

 

 

i Canada is present in five out of six open government data benchmarks. One remaining rating, Open Data 
Maturity (2019), assesses only the EU member states.      

ii These benchmarks are the following ones: Open Data Barometer by Open Data Institute and World Wide 
Web Foundation (2019 edition), Global Open Data Index by Open Knowledge Foundation (2016-17 
edition), Open Data Maturity by European Data Portal (2019 edition), Open Government Index by the 
World Justice Project (2020 edition), Open Government Data Report by the Organisation for Economic 
Cooperation and Development (2020 edition), and Open Data Inventory by Open Data Watch (2020 
edition). 

iii The database and RStudio code are available for verifying the article’s findings upon request. 

iv The analytical file created in MAXQDA can be provided upon request.  

v This adjustment is done by diving ODIN ODW 2022 country scores by 100.  

vi OGDI UN EGS 2024 slightly differs in distribution from other assessments. The highest score “1” is 
assigned to several countries because they all correspond to certain criteria.  

vii A developed country is defined in this paper as the one with a high or very high score in Human 
Development Index 2023 by the United Nations Development Programme and upper-middle or high 
income according to the World Bank Group country classification 2024.    

viii The table includes the countries that are present in top-10 lists of three and more benchmarks. 

ix This and other supporting analytical steps are included in the RStudio code.     

x  In the ODIN ODW 2022 methodological guide, small countries comprise Andorra, Anguilla, Antigua and 
Barbuda, Aruba, Bahrain, Barbados, Dominica, Grenada, Hong Kong, Kiribati, Liechtenstein, Macao, 
Maldives, Malta, Marshall Islands, Micronesia, Monaco, Nauru, Palau, Sao Tome and Principe, San 
Marino, Seychelles, Singapore, St. Kitts and Nevis, St. Lucia, St. Vincent and the Grenadines, Tonga, 
and Tuvalu. 
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